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Locality + | Consistency 1 Impurity | C2-Score 1
Methods Part Stuff | Part  Stuff Part  Stuff IMN
SALF-CBM 164 195 | 9.9 6.7 0.841 1.143 0.298
PatchSAE 32.2 34.6 | 13.1 12.7 0.353 0.663 0.295
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DN-CBM: Rao et al. 2024; SALF-CBM: Benou et al. 2025

Provides consistent and
well-grounded concepts

SALF-CBM: Benou et al. 2025; PatchSAE: Lim et al. 2025

Performs on par with opaque
baselines, while being the only
method providing patch- or
pixel-level explanations

CLIP-DINQiser: Wysoczanska et al. 2024; AnyUp Wimmer et al. 2026

Open Vocabulary Segmentation

Top contributing concepts

(per segment)

Kite Segment

Kite String - 26.9%

Sail Boats I 5.0%

Sea Segment

Body of Water _ 58.8%

Tropical Beach - 11.9%

Sandy Beach . 8.0%
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Improves embedding-based naming

DN-CBM: Rao et al. 2024; MSAE: Zaigrajew et al. 2025
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The image features a dining table set for a

concepts = 0

party, with a variety of food and drinks on
display. There are several plates of food,
including a bowl of fruit, a cup of coffee,
and a bottle of wine. The table is [...]

The image features a dining table set
for a birthday celebration. The table
is adorned with a wvariety of food
items, including a cake, a bowl of
fruit, and a few cups. The cake is
placed in the center of the table, [...].
In addition to the food, there are
several wine glasses on the table,
with one on the left side, another on
the right side, and [...]

.I concepts = 0

The image features a dining table set
for a birthday celebration, with a cake

placed in the center. The cake is [...] In
addition to the cake, there are several
cups and bowls on the table, [...]

CLIP-
Metrics 1 DINOiser CFM Maintains performance similar to
CLIP-Sc 072 072 opaque backbone, while additionally
RefCLIP-Sc 0.73 0.72 allowing for steering
Capture 0.35 0.35

CLIP-Sc: Hessel et al. 2021; Capture: Dong et al. 2024



